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Abstract: During the process of equipment operation, equipment’s breakdown
always led to huge losses. In operational process, different devices reflect itself
operational situation with different characteristics. Thus, through monitoring vibration
signal of equipment, we can diagnose the fault types of equipment. With the existing
experiments, this paper adopts BP neural network as an diagnosis model, vibrational
signal as input of diagnosis, fault type as output of diagnosis, which aims to build a
model focus on bearing fault diagnosis, proposes a method of bearing fault diagnosis based
on neural network, and confirmed the validity of method by a contrast tests.
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